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Abstract 

Background: Rates of endometrial cancer (EC) are increasing. For a definitive diagnosis, women undergo various 
time‑consuming and painful medical procedures, such as endometrial biopsy with or without hysteroscopy, and dila‑
tion and curettage, which may create a barrier to early detection and treatment, particularly for women with inad‑
equate healthcare access. Thus, there is a need to develop robust EC diagnostics based on non‑ or minimally‑invasive 
sampling. The objective of this study was to quantify a broad range of immuno‑oncology proteins in cervicovaginal 
lavage (CVL) samples and investigate these proteins as predictive diagnostic biomarkers for EC.

Methods: One hundred ninety‑two women undergoing hysterectomy for benign or malignant indications were 
enrolled in this cross‑sectional study. Classification of women to four disease groups: benign conditions (n = 108), 
endometrial hyperplasia (n = 18), low‑grade endometrioid carcinoma (n = 53) and other EC subtypes (n = 13) was 
based on histopathology of biopsy samples collected after the surgery. CVL samples were collected in the operat‑
ing room during the standard‑of‑care hysterectomy procedure. Concentrations of 72 proteins in CVL samples were 
evaluated using multiplex immunoassays. Global protein profiles were assessed using principal component and hier‑
archical clustering analyses. The relationships between protein levels and disease groups and disease severity were 
determined using Spearman correlation, univariate and multivariate receiver operating characteristics, and logistic 
regression analyses.

Results: Women with EC and benign conditions exhibited distinctive cervicovaginal protein profiles. Several proteins 
in CVL samples (e.g., an immune checkpoint protein, TIM‑3, growth factors, VEGF, TGF‑α, and an anti‑inflammatory 
cytokine, IL‑10) discriminated EC from benign conditions, particularly, when tested in combinations with CA19–9, 
CA125, eotaxin, G‑CSF, IL‑6, MCP‑1, MDC, MCP‑3 and TRAIL (sensitivity of 86.1% and specificity of 87.9%). Furthermore, 
specific biomarkers (e.g., TIM‑3, VEGF, TGF‑α, TRAIL, MCP‑3, IL‑15, PD‑L2, SCF) associated with histopathological tumor 
characteristics, including histological type and grade, tumor size, presence and depth of myometrial invasion or mis‑
match repair protein status, implying their potential utility for disease prognosis or monitoring therapies.

Conclusions: This proof‑of‑principle study demonstrated that cervicovaginal sampling coupled with multiplex 
immunoassay technology can offer a minimally to non‑invasive method for EC detection.
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Background
Endometrial cancer (EC) is the most common gyneco-
logic cancer and the fourth most common cancer affect-
ing women in high-income countries [1]. In contrast to 
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other malignancies, rates of EC continue to rise [2]. The 
International Agency for Research on Cancer estimates 
that EC rates will increase by more than 50% worldwide 
by 2040 [3]. Risk factors for EC include increased age, 
higher BMI, metabolic syndrome, estrogen exposure, 
tamoxifen use, early menarche, late menopause, lower 
parity, and genetic predisposition [4, 5]. There are also 
indications that social determinants of health and race/
ethnicity contribute to risk and survival rates [6]. For 
example, in the USA, Black women with EC have an over-
all 55% higher 5-year mortality risk compared to White 
women, likely due to delayed diagnosis [7]. Hispanic 
and Native American women also have higher incidence 
and poorer survival rates of EC relative to non-Hispanic 
White women [8, 9]. In Europe, a Swedish study revealed 
that women with lower socioeconomic status are gener-
ally diagnosed at the late cancer stage and have reduced 
survival compared to women with higher socioeconomic 
status [10].

Historically, EC was grouped into two categories: type 
I (most common, estrogen-driven, composed of grade 1 
or 2 endometrioid carcinomas with a favorable progno-
sis) and type II (less common, composed of high-grade 
endometrioid carcinomas or other non-endometrioid 
subtypes, more aggressive with a poor prognosis) [5]. 
Yet, EC are heterogenous at the molecular level. The 
new classification of EC into four molecular subgroups 
has been identified by The Cancer Genome Atlas Pro-
ject [11]. These subgroups were defined by mutation 
burden and copy number alterations, including micros-
atellite instability with mismatch repair (MMR) defect, 
hypermutation of POLE gene, extensive genomic ampli-
fications/deletions (copy number high) and low amount 
of genomic alterations (copy number low). Importantly, 
this and other molecular classifications allows subdivid-
ing EC into distinct prognostic groups, thus helping in 
determining treatment options and improving clinical 
outcomes [12].

EC is most often diagnosed in symptomatic women 
with abnormal uterine bleeding; however, this symptom 
is also common for other gynecologic conditions [5]. 
Currently, the gold standard for the diagnosis of EC is 
endometrial biopsy with or without hysteroscopy or dila-
tion and curettage, which involves dilation of the cervix 
and scraping of the endometrial lining [13, 14]. Although 
these surgical procedures are considered to be minimally 
invasive and generally safe, they still carry risks of com-
plications, including uterine perforation, uterine infec-
tion, and hemorrhage. In addition, current sampling 
methods for EC diagnosis can cause anxiety, physical dis-
comfort and/or pain [15–18], which impact acceptability 
and accessibility. Thus, there is a need to develop a non-
invasive and low-cost method for early EC detection.

Proteins are easily detectable and quantifiable in a vari-
ety of biological fluids, therefore commonly tested as 
potential biomarkers for cancer detection [19]. For EC, 
protein biomarkers have been mainly tested in blood or 
tissue samples [20, 21]. The two most studied proteins 
included human epididymis protein (HE4) and cancer 
antigen (CA) 125, both found elevated in endometrial 
tissues and serum of EC patients [22–26]. Although spe-
cific, these biomarkers (analyzed individually or in com-
bination) failed to demonstrate high sensitivity [27–29]. 
Thus, additional research is needed to quantify protein 
biomarkers in the context of EC for sufficient diagnostic 
accuracy, preferably using samples collected by a non-
invasive method.

Herein, we tested our hypothesis that the anatomical 
continuity of the female reproductive tract allows detec-
tion of EC-related protein biomarkers in the cervicovagi-
nal microenvironment using minimally-invasive lavage 
sampling. To achieve this, we quantified a broad range 
of immuno-oncology biomarkers in cervicovaginal lav-
ages (CVL), collected from women with EC and other 
gynecologic conditions, and investigated these proteins 
as predictive diagnostics for EC using biomarker discov-
ery and machine learning algorithms. Overall, this proof-
of-principle study shows that CVL sampling can offer a 
potential, minimally to non-invasive method for early 
detection of EC.

Methods
Study participants
Participants were recruited at three clinical sites located 
in Phoenix (AZ, USA) metropolitan area: Banner Uni-
versity Medical Center – Phoenix, Valleywise Health 
Medical Center, and Dignity Health Chandler Regional 
Medical Center between June 2018 and February 2020. 
One hundred ninety-two women undergoing hysterec-
tomy for benign or malignant indications were enrolled 
and contributed to the study. Classification of women to 
four disease groups: benign conditions (n = 108), endo-
metrial hyperplasia (n  = 18), low-grade (grade 1 or 2) 
endometrioid carcinoma (EEC) (n  = 53) and other EC 
(including grade 3 EEC or other histological subtypes) 
(n  = 13) was based on histopathology of biopsy sam-
ples collected after the surgery. We included women of 
any race or ethnicity and aged 18 years or older. Exclu-
sion criteria included: currently menstruating; currently 
lactating; currently on antibiotics, antifungals, antivirals 
or topical steroids; current vaginal infection (bacterial 
vaginosis, candidiasis), vulvar infection, urinary tract 
infection or sexually transmitted infection (chlamydia, 
gonorrhea, trichomoniasis, genital herpes) or within the 
previous 3 weeks; use of douching substances, vaginal 
medications, vaginal suppositories, feminine deodorant 
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sprays, wipes, or lubricants within the previous 48 hours; 
use of depilatory treatments in the genital area within the 
previous 72 hours; any skin condition in the genital area 
interfering with the study; sexual intercourse within the 
previous 48 hours; bath or swimming within the previ-
ous 4 hours; smoking or consuming nicotine-contained 
products within the previous 2 hours; hepatitis; being 
HIV-positive. The exclusion criteria were verified by phy-
sician’s pelvic exam, medical record and/or self-reported. 
Demographic, socioeconomic, and medical history data 
were collected from surveys and/or medical records.

Sample collection and processing
Clinical specimens were collected by a surgeon in the 
operating room during the standard-of-care hysterec-
tomy procedure. All samples were obtained after anes-
thesia and prior to vaginal sterilization. Cervicovaginal 
lavage (CVL) samples were collected using a non-lubri-
cated speculum and 10 ml of sterile 0.9% saline solution 
(Teknova, Hollister, CA). Following the collection, CVL 
samples were immediately placed on ice and frozen at 
− 80 °C within 1 hour. Prior to downstream analyses, 
CVL samples were thawed on ice, clarified by centrifu-
gation (700×g for 10 min at 4 °C) and aliquoted to avoid 
multiple freeze-thaw cycles. All samples were stored at 
− 80 °C.

Quantification of soluble proteins
Levels of 71 proteins (AFP, BTLA, CA15–3, CA19–
9, CA125, CD27, CD28, CD40, CD80, CD86, CEA, 
CYFRA21-1, EGF, eotaxin/CCL11, Flt-3 L, FGF-2, frac-
talkine/CX3CL1, G-CSF, GITRL, GROα/CXCL1, GM-
CSF, HE4, HGF, HVEM, ICOS, IFNα2, IFNγ, IL-1α, 
IL-1β, IL-2, IL-4, IL-5, IL-6, IL-7, IL-8/CXCL8, IL-9, 
IL-10, IL-12 (p40), IL-12 (p70), IL-13, IL-15, IL-17A, 
IP-10/CXCL10, LAG-3, leptin, MCP-1/CCL2, MCP-3/
CCL7, MDC/CCL22, MIF, MIP-1α/CCL3, MIP-1β/
CCL4, OPN, PD-1, PD-L1, PD-L2, PDGF-AA, PDGF-
AB/BB, prolactin, PSA (total), RANTES/CCL5, SCF, 
sCD40L, sFas, sFasL, TGF-α, TIM-3, TLR2, TNFα, TNFβ, 
TRAIL, VEGF) were measured in CVL samples using the 
Milliplex MAP Magnetic Bead Immunoassays: Human 
Cytokine Chemokine Panel 1, Human Circulating Can-
cer Biomarker Panel 1 and Human Immuno-Oncology 
Checkpoint Protein Panel 1 (Millipore, Billerica, MA) in 
accordance with the manufacturer’s protocols. Data were 
collected with a Bio-Plex 200 instrument and analyzed 
using Manager 5.0 software (Bio-Rad, Hercules, CA). 
Levels of IL-36γ (IL-1F9) were measured in CVL samples 
by enzyme-linked immunosorbent assay using Human 
IL-36γ ELISA kit (RayBiotech, Norcross, GA) in accord-
ance with the manufacturer’s instruction. A five-param-
eter logistic regression curve fit was used to determine 

the concentration. All samples were assayed in duplicate. 
The concentration values below the detection limit were 
substituted with 0.5 of the minimum detectable concen-
tration provided in the manufacturer’s instructions. The 
logarithmic transformation was applied to normalize the 
data.

Unsupervised data reduction analyses
The principal component analysis was performed to 
reduce the observed variables into a smaller number of 
principal components that account for most of the vari-
ance in the observed variables. For the first two princi-
pal components (PC1 and PC2), the difference among 
groups was assessed by the multivariate analysis of vari-
ance model. The statistical differences for individual 
components were assessed using an analysis of vari-
ance. If the overall difference was significant (P  < 0.05), 
pairwise comparisons with Bonferroni adjustment were 
performed. The hierarchical clustering analysis was per-
formed to show relationships of protein biomarker levels 
to metadata available for each patient, i.e., disease group, 
menopausal status, and BMI. Prior to clustering, levels 
of each protein biomarker were mean centered and then 
variance was scaled. Hierarchical clustering was per-
formed using ClustVis server [30] and based on Euclid-
ean distance and Ward linkage. The statistical differences 
in distribution of patient-related factors between clusters 
were assessed using Fisher’s exact test or chi square test.

Receiver operating characteristics (ROC) analysis
The univariate ROC analysis was performed to identify 
protein biomarkers that discriminate specific disease 
groups with high sensitivity and specificity. The mean 
levels of proteins for each patient were used in the analy-
ses. The strength of the discriminators was measured 
with area under the curve (AUC) values. Proteins with 
AUC greater than or equal to 0.8, or 0.9 were considered 
as good, or excellent discriminators, respectively.

Supervised machine‑learning analyses
Supervised learning was performed using the logistic 
regression algorithm. The features were selected based 
on the least absolute shrinkage and selection operator 
(LASSO) modelling. The performance of the predictive 
model was evaluated using the Monte Carlo cross-vali-
dation, which uses 2/3 of samples for model training and 
the remaining 1/3 of samples for testing. One hundred 
cross validations were performed, and the results were 
averaged to generate plots. Evaluation metrics included 
the AUC of multivariate ROC analysis and the confusion 
matrix calculated at a probability threshold of 0.5. The 
analysis was performed using MetaboAnalyst 5.0 [31].
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Volcano plot and correlation analyses
Differences in the protein biomarker levels among 
patients diagnosed with EC stratified based on histologi-
cal type and grade, tumor size, presence of myometrial 
invasion, and MMR status were tested using multiple 
t tests and corrected using false discovery rate (FDR) 
method. Differences in mean protein levels and q val-
ues were graphically presented as volcano plots. Protein 
biomarkers with q < 0.1 were considered significant. The 
Spearman’s rank correlation analysis was also performed 
to investigate the association of protein biomarker levels 
with the tumor size (measured in cm) and the depth of 
myometrial invasion (measured in mm). A correlation 
matrix was computed using correlation coefficients (r) 
with P values, and graphically presented as a heat map. 
P < 0.05 was considered significant.

Other statistical analyses
Differences in the demographic, socioeconomic and 
other patient-related variables between disease groups 
were tested using the Kruskal-Wallis test for continuous 
variables and Fisher’s exact test for categorical variables. 
The statistical differences in the concentrations of protein 
biomarkers among the patient groups were tested using 
a linear mixed effects model where the group was a fixed 
effect and the replicate was the random effect. If the over-
all difference was significant (P < 0.05), paired tests were 
performed with Bonferroni adjustment. Comparisons 
were adjusted for age and BMI in the linear mixed effects 
models by including these variables as predictors in the 
models, in addition to indicators for the patient groups 

(with benign as the reference group). Statistical analyses 
were performed using SAS 9.4 (SAS Institute, Cary, NC) 
unless otherwise indicated.

Results
Study population
A total of 192 women undergoing hysterectomy were 
recruited and enrolled in this cross-sectional study 
(Table  1). Women were classified into four disease 
groups: benign conditions (n = 108), endometrial hyper-
plasia (n = 18), low-grade endometrioid carcinoma (EEC) 
(n  = 53), and other EC subtypes (n  = 13). The classi-
fication into groups was based on histology of biopsy 
samples. The detailed patient demographics and char-
acteristics are included in Supplementary Table S1. The 
average age and body mass index (BMI) were 51 years 
and 34.8 kg/m2, respectively. Regarding race and ethnic-
ity, participants were predominantly Caucasian (74.7%) 
with a relatively high proportion of women identifying 
as Hispanic (26.2%). Women diagnosed with low-grade 
EEC and other EC subtypes were older (mean 58.7 and 
60.8 years, respectively) compared to women diagnosed 
with benign conditions 45.6 years; P < 0.0001) and mostly 
postmenopausal (76.5 and 92.3% vs. 17.6%; P  < 0.0001). 
Women with low-grade EEC had also higher body mass 
index (BMI; mean 40.3 kg/m2) than women with benign 
conditions (mean 30.6 kg/m2; P  < 0.0001). In addition, 
there were significant differences in other comorbidities, 
such as diabetes (P = 0.006) and hypertension (P = 0.002) 
among the groups; however, these differences were 

Table 1 Patient demographics. Race and menopause status data were available for 190 women; ethnicity data were available for 191 
women. P values were calculated using Kruskal‑Wallis test for continuous variables and Fisher’s exact test for categorical variables

All
(n = 192)

Benign conditions
(n = 108)

Endometrial 
hyperplasia
(n = 18)

Low‑grade 
endometrioid 
carcinoma
(n = 53)

Other endometrial 
cancer subtypes
(n = 13)

P value

Age [mean (SD)] 51.02 (12.45) 45.55 (10.01) 54.11 (13.35) 58.73 (11.82) 60.77 (8.06) < 0.0001

Race [n (%)]

White/Caucasian 142 (74.74) 78 (72.90) 16 (88.89) 37 (71.15) 11 (84.62) 0.16

American Indian/Alaska Native 15 (7.89) 5 (4.67) 1 (5.56) 8 (15.38) 1 (7.69)

Black/African American 12 (6.32) 11 (10.28) 0 (0.00) 1 (1.92) 0 (0.00)

Other 21 (11.05) 13 (12.15) 1 (5.56) 6 (11.54) 1 (7.69)

Ethnicity [n (%)]

Hispanic 50 (26.18) 32 (29.63) 4 (22.22) 11 (21.15) 3 (23.08) 0.67

Non‑Hispanic 141 (73.82) 76 (70.37) 14 (77.78) 41 (78.85) 10 (76.92)

Body mass index [mean (SD)] 34.76 (10.16) 30.63 (7.54) 41.49 (7.45) 40.29 (11.07) 37.22 (12.76) < 0.0001

Menopause status [n (%)]

Premenopausal 108 (56.84) 89 (82.41) 6 (33.33) 12 (23.53) 1 (7.69) < 0.0001

Postmenopausal 82 (43.16) 19 (17.59) 12 (66.67) 39 (76.47) 12 (92.31)
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attenuated after controlling for BMI or age (Supplemen-
tary Table S2).

Cervicovaginal protein profiles
CVL samples were collected from all participants 
(n  = 192) and used to quantify 72 soluble proteins, 
including cytokines, chemokines, growth factors, apop-
tosis-related proteins, hormones, circulating tumor 
markers, and immune checkpoint proteins (see Materi-
als and Methods). All tested proteins were measurable in 
CVL. The principal component analysis (PCA) was used 
to illustrate global protein profiles of individual samples 
(Fig. 1). PCA reduces the dimensionality of large datasets 
while preserving the maximum information amount. A 
set of variables (i.e., cervicovaginal levels of 72 protein) 
were transformed to a smaller number of principal com-
ponents that account for most of the variance. We uti-
lized the first two principal components (PC1 and PC2), 
which explained 41.6% of the variance in the data. A 
multivariate analysis of variance revealed significant dif-
ferences among the disease groups (P < 0.0001) (Fig. 1A). 
The analysis also demonstrated that global protein pro-
files significantly differ between premenopausal and 
postmenopausal women (P  < 0.0001) (Fig.  1B), but not 
between women varying by BMI (P  = 0.33) (Fig.  1C). 
Subsequent pairwise comparisons showed that PC1 
significantly varied between the disease groups (low-
grade EEC vs. benign, P  < 0.0001; other EC vs. benign, 
P < 0.0001) and menopausal status (P = 0.001) but did not 
vary among the BMI categories (Supplementary Fig. S1). 
PC2 was also significantly different between the disease 
groups (other EC vs. benign, P = 0.02) and the menopau-
sal status categories (P < 0.0001).

To further analyze global protein profiles, we per-
formed an unsupervised hierarchical clustering analy-
sis (Fig.  2). A heatmap with a dendrogram revealed 
two distinct clusters. To characterize these clusters, we 
plotted the metadata (such as disease group, menopau-
sal status and BMI) related to individual samples above 
the heatmap (Fig.  2A) and analyzed statistical differ-
ences among these patient-related factors between the 
clusters. The distribution of disease groups significantly 
varied (P  < 0.0001) between the clusters. Cluster 1 was 
predominated by samples from the benign group (80%), 
whereas the cluster 2 had the highest proportion of sam-
ples from women diagnosed with EC (64%) (Fig. 2B). The 
menopausal status also significantly varied between the 
clusters (P = 0.0004) (Fig.  2C); however, there were no 
differences in distribution of BMI categories (P = 0.33) 
(Fig.  2D). Overall, the data reduction analyses revealed 
that women with benign conditions and women with EC 
exhibit distinctive cervicovaginal protein profiles.

Cervicovaginal biomarkers for detection of EC
Next, we compared the levels of proteins measured 
in CVL samples among the disease groups. Since age 
and BMI were significantly different among the disease 
groups (Table 1), we adjusted P values for these factors. 
Fifty-four out of 72 protein targets were significantly ele-
vated in women with low-grade EEC compared to benign 
(P ranging from 0.05 to < 0.0001) (Supplementary Table 
S3). We also found 20 targets significantly elevated in 
endometrial hyperplasia (P ranging from 0.02 to < 0.0001) 
and 40 targets elevated in other EC subtypes (P rang-
ing from 0.05 to < 0.0001) (Supplementary Table S3). To 
identify biomarkers with high sensitivity and specificity, 

Fig. 1 Women diagnosed with EC exhibit distinct cervicovaginal protein profiles compared to women with benign conditions. A principal 
component analysis (PCA) of 72 proteins in cervicovaginal lavages (n = 192) displayed along the first two principal components (PC). Each point 
represents a single sample colored based on disease group (A), menopausal status (B), or body mass index (BMI) (C). Significant differences among 
the disease groups and between pre‑ and postmenopausal women were assessed using a multivariate analysis of variance (MANOVA) model
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Fig. 2 Cervicovaginal protein levels associates with the disease groups and menopausal status. A heatmap reflects relative levels of proteins in 
cervicovaginal lavages (CVL) across all the samples (n = 192) (A). Data were mean‑centered and variance scaled along each row before clustering. A 
hierarchical clustering was based on Euclidean distance and Ward linkage. The analysis revealed two distinct clusters. Pie charts show distribution of 
the disease groups (B), menopausal status (C) and BMI categories (D) were significantly different between the clusters. BMI categories did not vary 
between the clusters. P values were calculated using Fisher’s exact test or chi square test
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we performed a receiver operating characteristics (ROC) 
analysis. Proteins with the area under the curve (AUC), 
which shows the relationship between sensitivity and 
specificity, greater than or equal to 0.8 were considered as 
good discriminators. The analysis comparing low-grade 
EEC or other EC to benign conditions revealed seven 
proteins with good discriminatory properties for both EC 
subtypes: TIM-3 (AUC 0.86 and 0.90), IL-10 (AUC 0.84 
and 0.90), TRAIL (AUC 0.82 and 0.90), TGF-α (AUC 0.82 
and 0.87), CYFRA 21-1 (AUC 0.82 and 0.93), VEGF (AUC 
0.81 and 0.88), and TNFα (AUC 0.80 and 0.86) (Fig. 3A-G 
and Supplementary Fig. S2). Notably, all seven proteins 
reached higher AUC values for the other EC group than 
for the low-grade EEC group. In addition, the analysis 
revealed 14 additional proteins (including cytokines: IL-6 
and SCF, chemokines: fractalkine, IP-10, MCP-1, MCP-3, 
MIP-1α, and MIP-1β, a growth factor PDGF-AA, a hor-
mone leptin, tumor markers: AFP, CA15–3, and immune 
checkpoint proteins: CD40 and PD-L2) with good dis-
criminatory properties for other EC subtype group, but 
not low-grade EEC when compared to benign conditions 
(Fig. 3). When the cervicovaginal levels of key biomark-
ers for both EC subtypes, identified in the ROC analysis, 
were compared among the disease groups, all seven pro-
teins (CYFRA 21-1, IL-10, TGF-α, TIM-3, TNFα, TRAIL 
and VEGF were significantly (P < 0.0001) elevated in both 

low-grade EEC and other EC groups when compared to 
benign conditions (Fig.  4A). Of those, only CYFRA-21 
significantly (P = 0.001) differed in mean levels between 
low-grade EEC and other EC subtypes. In addition, IL-10 
and TIM-3 levels were also elevated in endometrial 
hyperplasia patients when compared to the benign group 
(P < 0.0001 and P = 0.006, respectively). For additional 14 
biomarkers for other EC, identified in ROC analysis, cer-
vicovaginal levels were significantly elevated also in both 
EC groups (low-grade EEC and other EC subtypes) when 
compared to benign conditions (P ranging from 0.001 to 
< 0.0001). Three out of 14 biomarkers: CD40, MCP-3, and 
PD-L2 had higher cervicovaginal levels in other EC than 
low-grade EEC group (P ranging from 0.008 to < 0.0001). 
Notably, MCP-3 was also identified as a good discrimi-
nator (AUC = 0.832) between other EC subtypes and 
low-grade EEC in the subsequent ROC analysis (Sup-
plementary Figs. S2 and S3). In addition, levels of eight 
proteins, mostly chemokines, i.e. CA15–3, IL-6, IP-10, 
MCP-1, MCP-3, MIP-1α, and MIP-1β were significantly 
(P ranging from 0.01 to < 0.0001) elevated in the endo-
metrial hyperplasia group when compared to patients 
with benign conditions. Overall, these analyses identified 
potential biomarker candidates for the detection of EC 
using CVL sampling.

Fig. 3 Protein biomarkers in cervicovaginal lavages discriminate patients diagnosed with EC from patients with benign conditions. Cervicovaginal 
biomarkers discriminating low‑grade endometrial endometrioid carcinoma (EEC) or other endometrial cancer (EC) subtypes from benign 
conditions were identified using the receiver operating characteristics (ROC) analysis. The area under the curve (AUC) was reported for each tested 
protein, including cytokines (A), chemokines (B), growth factors (C), apoptosis‑related proteins (D), hormones (E), tumor markers (F), and immune 
checkpoint proteins (G). The strength of the discriminators was measured with AUC values. Proteins with AUC greater than or equal to 0.8 or 0.9 
(indicated in pink or purple) were considered as good or excellent discriminators, respectively
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Machine‑learning modeling to predict EC
To evaluate the ability of multiple cervicovaginal pro-
tein biomarkers to predict the disease group (all EC 
subtypes vs. benign conditions), we used the logistic 
regression classification with the Monte Carlo cross-
validation (Fig. 5). The predictive model was built using 
12 protein biomarkers with 100% frequency in the least 
absolute shrinkage and selection operator method (i.e., 
CA19–9, CA125, eotaxin, G-CSF, IL-6, IL-10, MCP-1, 
MDC, TGF-α, TIM-3, TRAIL, and VEGF) (Fig. 5A). Five 

out of 12 biomarkers (IL-10, TGF-α, TIM-3, TRAIL, and 
VEGF) exhibited good discriminatory properties (AUC 
> 0.8) for both EC subtype groups when compared to 
benign conditions, and three biomarkers (IL-6, MCP-1, 
and MDC) exhibited good discriminatory properties for 
other EC subtype, but not for the low-grade EEC group, 
in the previous univariate ROC analysis (Fig.  3). In a 
subsequent multivariate ROC analysis, the model based 
on the selected 12 biomarkers demonstrated an excel-
lent ability to discriminate patients with EC and benign 

Fig. 4 Key cervicovaginal biomarkers are elevated in both low‑grade endometrioid carcinoma and other EC subtypes. Cervicovaginal levels of 
proteins, identified as good biomarkers for both low‑grade EEC and other EC subtypes (A) or just for other EC subtypes (B) in the ROC analysis. 
Scatter dot plots show concentrations of these proteins in individual samples among the disease groups. A horizontal line indicates the mean. The 
significant differences were assessed using linear mixed effects models with Bonferroni adjustment. Asterisks indicate P values adjusted (* P < 0.05; 
** P < 0.01; *** P < 0.001; **** P < 0.0001)
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conditions (average AUC 0.91) (Fig.  5B). Overall, the 
average predictive accuracy of the model based on 100 
cross-validations was 83.9% (Fig.  5C). We also created 
a confusion matrix to show the proportion of time each 
sample obtained correct classification (Fig. 5D). Ninety-
three out of 108 benign samples were correctly classified 
(sensitivity of 86.1%) and 58 out of 66 EC samples were 
correctly classified using the model (specificity of 87.9%). 
Overall, this analysis showed that coupling multiple cer-
vicovaginal biomarkers with machine learning algorithms 
can increase the ability of created models to accurately 
predict the disease group.

Cervicovaginal proteins and the severity of EC
To identify relationships between the cervicovaginal bio-
marker levels and the severity of EC, we extracted data 
from pathology reports on FIGO stage, histological type 
and grade, tumor size, presence and depth of myometrial 

invasion, presence of lymphovascular invasion, and mis-
match repair (MMR) protein expression (Table  2 and 
Supplementary Fig. S5). Out of 66 women diagnosed 
with EC, 59 (89.4%) had endometrioid carcinomas or 
adenocarcinomas. The majority of EC (87.1%) were stage 
I tumors, were of low grade (i.e., grade 1 or 2; 86.4%) and 
had size greater than 2 cm (70%) (Supplementary Fig. S4). 
Myometrial and lymphovascular invasion were present 
in 69.7 and 6.2% of EC tumors, respectively. The MMR 
deficiency (i.e., loss of MLH1, PMS2, MSH2 or MSH6 
expression) was observed in 23.3% of EC tumors. We 
categorized EC tumors based on histological type (low-
grade EEC vs. other EC subtypes), MMR status (MMR-
deficient vs. MMR-proficient), size (≤2 cm vs. > 2 cm), 
and presence of myometrial invasion and compared the 
cervicovaginal levels of protein biomarkers between 
these subgroups (Fig. 6A and Supplementary Fig. S5). We 
did not analyze FIGO stage or lymphovascular invasion 

Fig. 5 The logistic regression model accurately predicts EC and benign conditions using protein biomarkers in CVL samples. The least absolute 
shrinkage and selection operator (LASSO) was performed to select features to build the logistic regression model (A). Twelve proteins with 100% 
frequency of LASSO selection were used to build the model. The performance of the model was evaluated using the Monte Carlo cross‑validation. 
A multivariate ROC analysis, showing true and false positive rates, indicates excellent prediction of EC when compared to benign conditions (AUC 
0.91) (B). A scatterplot depicts the predicted class probabilities of all samples using the classifier at a threshold of 0.5 (C). The confusion matrix 
illustrates the proportion of times each sample receives the correct classification (D). The logistic regression model correctly classified 151 out of 
174 tested samples (86.8%)
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due to unbalanced distribution of these characteristics 
among our cohort (Table 2). Following the false discov-
ery rate correction for multiple comparisons (q  < 0.1), 
the analysis revealed that only one protein, MCP-3, was 
significantly elevated in other EC subtypes when com-
pared to low-grade EEC. When tumors were stratified 
based on MMR status, VEGF was significantly elevated 
in CVL samples from patients with MMR-deficient EC. 
Furthermore, cervicovaginal levels of 12 proteins (frac-
talkine, HE4, IL-6, IL-15, IP-10, MCP-1, PDGF-AA, sFas, 
sFasL, SCF, TLR2, VEGF) were significantly elevated in 
patients with larger tumors (> 2 cm) compared to patients 
with smaller tumors (≤2 cm). IL-15 and VEGF also levels 
varied between groups stratified based on the presence of 
myometrial invasion. In addition, we perform a correla-
tion analysis between levels of proteins in CVL and size 
of tumors (measured in cm) and depth of myometrial 

invasion (measured in mm) (Fig. 6B, Supplementary Figs. 
S6 and S7). Twelve protein markers (cytokines: IL-15 
and SCF; chemokines: fractalkine and MCP-3; growth 
factors: Flt-3 L, HGF, PDGF-AA, and VEGF; an apopto-
sis-related protein, sFasL; and immune checkpoint pro-
teins: HVEM, TIM-3, and TLR2) significantly correlated 
with both tumor size and depth of myometrial invasion. 
Notably, four biomarkers identified in the correlation 
analysis (TIM-3, VEGF, TGF-α, and TRAIL) were highly 
discriminatory for both low-grade EEC and other EC 
subtypes (Fig. 3). Among them, TIM-3 and VEGF asso-
ciated with tumor size, myometrial invasion, and MMR 
status, whereas TGF-α and TRAIL levels associated with 
myometrial invasion, but not other tumor characteristics. 
Overall, this analysis revealed that cervicovaginal sam-
pling of protein biomarkers can allow for detection of EC 
detection and stratification of patients based on tumor 
characteristics.

Discussion
Typically, EC is diagnosed in peri- and postmenopausal 
women with abnormal uterine bleeding [5]. Although 
this symptom is incredibly common in EC patients 
(occurs in approximately 90% cases) [32], only 9% of 
women with abnormal uterine bleeding are actually 
diagnosed with EC [32]. For a definitive diagnosis of EC, 
symptomatic women undergo various painful, anxiety-
provoking and time-consuming medical procedures, 
such as hysteroscopy, endometrial biopsy, and dilation 
and curettage [13, 14]. This diagnostic approach forms a 
barrier to early detection and treatment, particularly in 
populations with limited or inadequate access to health-
care [6]. Thus, novel diagnostic methods, ideally based 
on non- to minimally invasive sampling, are needed to 
improve detection, increase acceptability, and ultimately 
reduce morbidity and mortality related to this common 
gynecological cancer.

Herein, we exploited lavage sampling of the cervicov-
aginal microenvironment coupled with multiplex immu-
noassay technology and demonstrated the utility of this 
novel approach for detection of EC. To our knowledge, 
this is the first study investigating protein biomarkers in 
CVL specimens for EC diagnosis. Other biological speci-
mens that have been previously evaluated for detection 
of EC include endometrial tissues, uterine lavages/aspi-
rates, blood, and urine [20]. Notably, of those specimens, 
only blood and urine samples, similarly to CVL, are col-
lected by minimally or non-invasive means. While pro-
tein biomarkers in serum have been investigated for EC 
diagnosis since the 1980s [33], there are still no current 
serologic markers for clinical use. It is likely that quan-
tities of EC-related proteins in circulation are too low, 
especially at the early phase of disease, limiting their 

Table 2 Characteristics of EC tumors in our cohort. Data on 
histological type, FIGO stage, tumor grade, tumor size, presence 
and depth of myometrial invasion, presence of lymphovascular 
invasion and MMR protein status were extracted from pathology 
reports. n indicates data availability

Characteristics n (%)

Histological type (n = 66) Endometrioid adenocarci‑
noma

33 (50.0)

Endometrioid carcinoma 26 (39.4)

Serous carcinoma 4 (6.1)

Other 3 (4.5)

FIGO stage (n = 62) I 1 (1.6)

IA 43 (69.4)

IB 10 (16.1)

II 2 (3.2)

IIIC 4 (6.5)

IV 2 (3.2)

Tumor grade (n = 66) Grade 1 42 (63.6)

Grade 2 15 (22.7)

Grade 3 9 (13.6)

Size (n = 62) ≤ 2 cm 17 (27.4)

>  2 cm 45 (72.6)

Myometrial invasion (n = 66) no 20 (30.3)

yes 46 (69.7)

depth reported 40 (60.6)

depth not reported 6 (9.1)

Lymphovascular invasion 
(n = 65)

no 61 (93.8)

yes 4 (6.2)

MMR protein status (n = 60) MMR‑proficient 46 (76.7)

MMR‑deficient 14 (23.3)

Loss of nuclear expression MLH1 9 (15.0)

PMS2 11 (18.3)

MSH2 1 (1.7)

MSH6 4 (6.7)



Page 11 of 15Łaniewski et al. Biomarker Research           (2022) 10:88  

diagnostic potential. To date, only a few studies investi-
gated protein biomarkers in urine samples [34–36], but 
similarly to blood this approach has limitations as it relies 
on detection of circulating biomarkers. In contrast, due 
to the anatomical continuity of the female reproductive 
tract, cervicovaginal fluids might contain high concen-
trations of EC-related proteins. Thus, CVL sampling, as 
demonstrated in this study, can offer an attractive, non- 
to minimally invasive method of EC diagnosis. Previ-
ously, liquid from the Papanicolaou test also showed a 
promising potential for EC detection by genetic analyses 
of circulating tumor DNA (called PapSEEK) [37], further 
demonstrating that minimally invasive cervicovaginal 
sampling has immense potential for detecting EC and 
other uterine conditions [38].

In this study, we identified several biomarkers in CVL 
samples highly associated with EC using biomarker dis-
covery and machine learning approaches. Key protein 
markers included: an immune checkpoint protein, TIM-
3; two growth factors, VEGF and TGF-α; and an anti-
inflammatory cytokine, IL-10. Other identified proteins, 
such as CA19–9, CA125, CYFRA 21-1, IL-15, MDC, 
MCP-1, MCP-3, PD-L2, TRAIL, can also be prioritized 

in the future, likely in combinations for specific and sen-
sitive detection of EC, as we have demonstrated in our 
study using a logistic regression model. In addition, we 
explored associations of tested biomarkers with tumor 
characteristics, such as tumor size, presence and depth 
of myometrial invasion, and mismatch repair (MMR) 
protein expression, revealing a potential value of these 
selected biomarkers for clinical prognosis and/or moni-
toring therapies.

TIM-3 has been shown to be expressed by a variety 
of malignancies, including EC [39], and is a promis-
ing target for emerging immunotherapies [40]. Herein, 
we observed a gradual increase in TIM-3 levels in CVL 
samples collected from patients with endometrial hyper-
plasia and EC, suggesting it could be utilized for early 
disease detection. Previously, we also reported elevated 
levels of TIM-3 in CVL samples collected from patients 
with invasive cervical carcinoma [41]. This implies that 
combinations of cervicovaginal biomarkers likely need to 
be employed to distinguish different gynecologic malig-
nancies. In addition, TIM-3 could be a potential target 
for immunotherapy in EC patients. Indeed, anti-TIM-3 
antibodies have been recently tested in combination with 

Fig. 6 Cervicovaginal levels of protein biomarkers in patients with EC vary based on histological type, MMR status, tumor size, and myometrial 
invasion. A volcano plot analysis was used to assess differences in the protein levels among patient with EC stratified based on tumor characteristics, 
including histological type and grade, mismatch repair (MMR) protein expression, tumor size, and presence of myometrial invasion (A). Statistical 
significance was determined using multiple t‑test with the false discovery rate (FDR) correction. A volcano plots indicate  log2 differences (x axis) and 
‑log10(q value) (y axis). Proteins with q < 0.01 were considered significant. A correlation analysis between cervicovaginal levels of 72 proteins with 
the tumor size (measured in cm) and the depth of myometrial invasion (measured in mm) (B). Correlation coefficients (r) were calculated using the 
Spearman’s rank correlation and depicted as a heatmap. P values are indicated with black circles. The biomarkers identified to be significant in both 
volcano and correlation analyses are marked with an asterisk (*)
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other immune checkpoint inhibitors targeting PD-L1, 
in a phase 1b clinical trial, in patients with advanced 
MMR-deficient solid tumors, including EC, and have 
shown promising clinical utility [42]. Furthermore, since 
we observed a correlation of TIM-3 levels with tumor 
size and depth of myometrial invasion, TIM-3 might 
also serve as prognostic biomarker, similarly to other 
malignancies. Notably, TIM-3 has been associated with 
advanced disease and decreased survival in patients with 
cervical [43], ovarian [44], gastric [45], colorectal [46], 
renal [47] or hepatocellular [48] carcinomas.

Another identified biomarker, which has potential util-
ity not only as a diagnostic marker but also as a target 
for therapy or clinical prognosis, is VEGF. Herein, we 
observed cervicovaginal VEGF to be elevated in patients 
with EC, and, similar to TIM-3, also to be correlated with 
tumor size and depth of myometrial invasion. Previ-
ously, VEGF has been evaluated as a prognostic marker 
in tissue and serum with mixed results [49]. In addition, 
anti-VEGF treatments alone or in combination with 
other immunotherapies have been evaluated in patients 
with advanced EC [50, 51]. These novel treatments spe-
cifically target MMR-proficient or microsatellite-stable 
tumors [51], which exhibit low response rates to mono-
therapies with PD-L1 inhibitors [52]. Intriguingly, our 
data revealed that patients with MMR-proficient tumors 
exhibit lower cervicovaginal levels of VEGF than patients 
with MMR-deficient tumors. Further investigation in the 
role of VEGF in the context of MMR status or microsatel-
lite instability is warranted.

The epidermal growth factor, TGF-α, is also overex-
pressed in endometroid carcinoma compared to healthy 
endometrial tissues [53]. Furthermore, the expression of 
TGF-α has been associated with the progression of EC 
[54], which is in accordance with our findings in CVL. 
In the present study, we did observe a gradual increase 
in TGF-α levels in patients with endometrial hyperplasia 
and EC, as well as a positive correlation of TGF-α levels 
with deeper myometrial invasion within EC patients. 
Thus, TGF-α, together with other identified cervicovagi-
nal markers, might have a great potential for detection of 
both endometrial hyperplasia and cancer, and possibly 
used as prognostic marker for EC recurrence, poor prog-
nosis and/or response to therapies.

Finally, we identified an anti-inflammatory cytokine 
IL-10 to be associated with EC and endometrial hyper-
plasia. Another study also showed increased serum levels 
of IL-10 in EC patients [55]. Yet, the role of this pleio-
tropic cytokine in the pathophysiology of EC is not well 
understood. In the tumor microenvironment, IL-10 is 
required for proper T cell function, immune surveillance, 
and suppression of cancer-associated inflammation [56]. 
Consequently, there is a growing interest to exploit this 

key cytokine for development of new anti-cancer thera-
pies. For example, blockade of IL-10 showed anti-tumor 
effect in organotypic cultures of human colorectal cancer 
liver metastases [57]. Accordingly, in the future, targeting 
IL-10 might be another tool in a portfolio of personalized 
immunotherapies for advanced or recurrent EC.

Overall, the unique aspects of our study include apply-
ing minimally invasive CVL sampling and multiplex 
immunoassay technology to EC biomarker discovery and 
use of an ethnically diverse cohort of women to study a 
broad range of cervicovaginal protein markers to iden-
tify robust diagnostic candidates for detection of EC. 
Though, our study has some limitations. We acknowl-
edge that there were significant differences in age, men-
opausal status, and BMI in our cohort between the EC 
and benign control groups. Thus, our statistical models 
were adjusted for these factors. Although we excluded 
women currently menstruating from the study, we did 
not adjust the data for menstrual cycle day. Owing to a 
small sample size of patients with endometrial hyperpla-
sia, we were not able to successfully apply some methods 
for biomarker discovery related to hyperplasia (e.g., ROC 
or logistic regression). The presented data related to this 
group was exploratory. Finally, our study design focused 
on patients undergoing hysterectomy, thus our con-
trol group consisted of patients diagnosed with benign 
gynecologic conditions, such as uterine leiomyoma, 
adenomyosis, and endometriosis. Although this approach 
allowed us to identify biomarkers discriminating EC 
from benign conditions, future investigations should be 
expanded to include healthy populations not undergoing 
hysterectomy. In this study, we tested physician-collected 
CVL samples using multiplex immunoassay technology; 
however, future studies may utilize self-collection devices 
[58–60] and rapid biomarker tests [61] to further expand 
and develop non-invasive EC diagnostics that are globally 
available.

Conclusions
Our study provides a proof-of-principle that protein 
biomarkers associated with EC are present in the lower 
female reproductive tract and can be quantified via 
minimally-invasive CVL sampling. We identified sev-
eral biomarker candidates discriminating patients with 
EC and patients with benign gynecologic conditions. 
Using a cross-validation approach, we demonstrated high 
accuracy of the combination of these biomarkers for EC 
detection. Future studies are warranted to validate and 
integrate our findings into predictive models using addi-
tional age-matched cohorts of women with low-grade 
EEC, more aggressive other EC subtypes, precancerous 
endometrial hyperplasia, and healthy controls, as well 
as self-collection methodologies (e.g., menstrual cups 
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or self-collected lavages). Overall, improving early EC 
detection/diagnosis among diverse populations by devel-
oping cost-effective, robust, non-invasive diagnostics will 
decrease health inequities and positively impact women’s 
health.

Abbreviations
AUC : Area under the curve; BMI: Body mass index; CVL: Cervicovaginal lavage; 
EC: Endometrial cancer; EEC: Endometrial endometrioid carcinoma; MMR: 
Mismatch repair; ROC: Receiver operating characteristics.

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s40364‑ 022‑ 00438‑5.

Additional file 1: Supplementary Tables. Table S1. Patient demo‑
graphics and characteristics. Table S2. The significance of difference in 
comorbidities among the disease groups. Table S3. The significance of 
difference between protein levels among the disease groups.

Additional file 2: Supplementary Figures. Fig. S1. Differences in the 
first two principal components (PC1 and PC2) among the disease groups, 
menopausal status, and BMI categories. Fig. S2. ROC curves of biomark‑
ers discriminating endometrial cancer and benign conditions. Fig. S3. 
Biomarkers discriminating endometrial cancer histological subtypes. Fig. 
S4. Data on tumor size and depth of myometrial invasion for endometrial 
cancer patients. Fig. S5. Cervicovaginal levels of proteins in all endome‑
trial cancer patients stratified based on the tumor characteristics. Fig. S6. 
Correlations between cervicovaginal levels of protein biomarkers and 
tumor size. Fig. S7. Correlations between cervicovaginal levels of protein 
biomarkers and depth of myometrial invasion.

Acknowledgements
We would like to thank the patients that enrolled in the study and acknowl‑
edge Regina Montero and Elisa Martinez for the kind assistance in patient 
recruitment, sample and clinical data collection.

Authors’ contributions
MMH‑K conceived and designed the study. NDM, JM, MPB, LW, and DMC par‑
ticipated in the patient recruitment, sample, and data collection. PŁ processed 
the samples and performed the experiments and subsequent data analyses. 
HC and DJR performed the statistical analyses. PŁ, HC, DJR, and MMH‑K 
analyzed and interpreted the data. PŁ drafted the manuscript. MMH‑K edited 
the manuscript. All authors read, critically reviewed, and approved the final 
version of the paper.

Funding
This study was supported by the Mary Kay Foundation Grant (017–48 to 
MMH‑K), the Valley Research Partnership Grant (VRP26 to MMH‑K and DMC) 
and the Phoenix Friends Foundation of University of Arizona Cancer Center 
(to MMH‑K). In addition, PŁ was supported by the Guiding U54 Investigator 
Development to Sustainability (GUIDeS) program under the award for the 
Partnership of Native American Cancer Prevention funded by the National 
Cancer Institute of the National Institutes of Health (U54CA143924).

Availability of data and materials
The authors declare that the data supporting the findings of this study are 
available within the paper and its supplementary files. Additional data are 
available from the corresponding author upon reasonable request.

Declarations

Ethics approval and consent to participate
This study was approved by the Institutional Review Board at the University of 
Arizona (reference no. 1708726047) and all women provided written informed 

consent to participate. The study was conducted in accordance with federal 
guidelines and regulations and the Declaration of Helsinki.

Consent for publication
Not applicable.

Competing interests
The authors declare no competing interests.

Author details
1 College of Medicine – Phoenix, University of Arizona, 425 N. 5th St, Phoenix, 
AZ 85004, USA. 2 UA Cancer Center, University of Arizona, 3838 N. Campbell 
Ave, Tucson, AZ 85719, USA. 3 Banner – University Medical Center, 1033 E. 
McDowell Rd, Phoenix, AZ 85006, USA. 4 Arizona Center for Cancer Care, 2222 
E. Highland Ave, Phoenix, AZ 85016, USA. 

Received: 24 August 2022   Accepted: 22 November 2022

References
 1. Ferlay J, Colombet M, Soerjomataram I, Parkin DM, Pineros M, Znaor A, 

et al. Cancer statistics for the year 2020: an overview. Int J Cancer. 2021. 
https:// doi. org/ 10. 1002/ ijc. 33588. Online ahead of print.

 2. Constantine GD, Kessler G, Graham S, Goldstein SR. Increased incidence 
of endometrial Cancer following the Women’s Health Initiative: an assess‑
ment of risk factors. J Women’s Health (Larchmt). 2019;28(2):237–43.

 3. Zhang S, Gong TT, Liu FH, Jiang YT, Sun H, Ma XX, et al. Global, regional, 
and National Burden of endometrial Cancer, 1990‑2017: results from the 
global burden of disease study, 2017. Front Oncol. 2019;9:1440.

 4. Crosbie EJ, Kitson SJ, McAlpine JN, Mukhopadhyay A, Powell ME, Singh N. 
Endometrial cancer. Lancet. 2022;399(10333):1412–28.

 5. Makker V, MacKay H, Ray‑Coquard I, Levine DA, Westin SN, Aoki D, et al. 
Endometrial cancer. Nat Rev Dis Primers. 2021;7(1):88.

 6. Paskett ED, Bernardo BM. Eliminating disparities in endometrial cancer: 
adherence to high‑quality care is not enough. Am J Obstet Gynecol. 
2020;223(3):309–11.

 7. Doll KM, Snyder CR, Ford CL. Endometrial cancer disparities: a race‑conscious 
critique of the literature. Am J Obstet Gynecol. 2018;218(5):474–82 e2.

 8. Batai K, Gachupin FC, Estrada AL, Garcia DO, Gomez J, Kittles RA. Patterns 
of Cancer related health disparities in Arizona. Cancer Health Disparities. 
2019;3:e1–e20.

 9. Rodriguez AM, Schmeler KM, Kuo YF. Disparities in endometrial cancer 
outcomes between non‑Hispanic white and Hispanic women. Gynecol 
Oncol. 2014;135(3):525–33.

 10. Svanvik T, Marcickiewicz J, Sundfeldt K, Holmberg E, Stromberg U. 
Sociodemographic disparities in stage‑specific incidences of endometrial 
cancer: a registry‑based study in West Sweden, 1995‑2016. Acta Oncol. 
2019;58(6):845–51.

 11. Cancer Genome Atlas Research N, Kandoth C, Schultz N, Cherniack AD, 
Akbani R, Liu Y, et al. Integrated genomic characterization of endometrial 
carcinoma. Nature. 2013;497(7447):67–73.

 12. Talhouk A, McConechy MK, Leung S, Yang W, Lum A, Senz J, et al. 
Confirmation of ProMisE: a simple, genomics‑based clinical classifier for 
endometrial cancer. Cancer. 2017;123(5):802–13.

 13. Tzur T, Kessous R, Weintraub AY. Current strategies in the diagnosis of 
endometrial cancer. Arch Gynecol Obstet. 2017;296(1):5–14.

 14. Braun MM, Overbeek‑Wager EA, Grumbo RJ. Diagnosis and Management 
of Endometrial Cancer. Am Fam Physician. 2016;93(6):468–74.

 15. Rezk M, Sayyed T, Dawood R. The effectiveness and acceptability of 
Pipelle endometrial sampling versus classical dilatation and curet‑
tage: a three‑year observational study. Gynecol Obstet Investig. 
2016;81(6):537–42.

 16. Madariaga A, Bhat G, Wilson MK, Li X, Cyriac S, Bowering V, et al. 
Research biopsies in patients with gynecologic cancers: patient‑
reported outcomes, perceptions, and preferences. Am J Obstet Gynecol. 
2021;225(6):658 e1–9.

 17. Madari S, Al‑Shabibi N, Papalampros P, Papadimitriou A, Magos A. A 
randomised trial comparing the H Pipelle with the standard Pipelle for 

https://doi.org/10.1186/s40364-022-00438-5
https://doi.org/10.1186/s40364-022-00438-5
https://doi.org/10.1002/ijc.33588


Page 14 of 15Łaniewski et al. Biomarker Research           (2022) 10:88 

endometrial sampling at ’no‑touch’ (vaginoscopic) hysteroscopy. BJOG. 
2009;116(1):32–7.

 18. Kaiyrlykyzy A, Linkov F, Foster F, Bapayeva G, Ukybassova T, Aimagambe‑
tova G, et al. Pipelle endometrial biopsy for abnormal uterine bleeding: 
do patient’s pain and anxiety really impact on sampling success rate? 
BMC Womens Health. 2021;21(1):393.

 19. Hristova VA, Chan DW. Cancer biomarker discovery and translation: 
proteomics and beyond. Expert Rev Proteomics. 2019;16(2):93–103.

 20. Njoku K, Chiasserini D, Whetton AD, Crosbie EJ. Proteomic biomarkers for 
the detection of endometrial Cancer. Cancers (Basel). 2019;11(10):1572.

 21. Martinez‑Garcia E, Lopez‑Gil C, Campoy I, Vallve J, Coll E, Cabrera S, et al. 
Advances in endometrial cancer protein biomarkers for use in the clinic. 
Expert Rev Proteomics. 2018;15(1):81–99.

 22. Angioli R, Plotti F, Capriglione S, Montera R, Damiani P, Ricciardi R, et al. 
The role of novel biomarker HE4 in endometrial cancer: a case control 
prospective study. Tumour Biol. 2013;34(1):571–6.

 23. Kalogera E, Scholler N, Powless C, Weaver A, Drapkin R, Li J, et al. Correla‑
tion of serum HE4 with tumor size and myometrial invasion in endome‑
trial cancer. Gynecol Oncol. 2012;124(2):270–5.

 24. Lan T, Mu C, Wang Z, Wang Y, Li Y, Mai Y, et al. Diagnostic and prognostic 
values of serum EpCAM, TGM2, and HE4 levels in endometrial Cancer. 
Front Oncol. 2020;10:1697.

 25. Li J, Wang X, Qu W, Wang J, Jiang SW. Comparison of serum human 
epididymis protein 4 and CA125 on endometrial cancer detection: a 
meta‑analysis. Clin Chim Acta. 2019;488:215–20.

 26. Ginath S, Menczer J, Fintsi Y, Ben‑Shem E, Glezerman M, Avinoach I. Tissue 
and serum CA125 expression in endometrial cancer. Int J Gynecol Cancer. 
2002;12(4):372–5.

 27. Li LM, Zhu YX, Zhong Y, Su T, Fan XM, Xi Q, et al. Human epididymis 
protein 4 in endometrial cancer: a meta‑analysis. Clin Chim Acta. 
2018;482:215–23.

 28. Knific T, Osredkar J, Smrkolj S, Tonin I, Vouk K, Blejec A, et al. Novel algo‑
rithm including CA‑125, HE4 and body mass index in the diagnosis of 
endometrial cancer. Gynecol Oncol. 2017;147(1):126–32.

 29. Moore RG, Brown AK, Miller MC, Badgwell D, Lu Z, Allard WJ, et al. Utility 
of a novel serum tumor biomarker HE4 in patients with endometrioid 
adenocarcinoma of the uterus. Gynecol Oncol. 2008;110(2):196–201.

 30. Metsalu T, Vilo J. ClustVis: a web tool for visualizing clustering of multivari‑
ate data using principal component analysis and heatmap. Nucleic Acids 
Res. 2015;43(W1):W566–70.

 31. Pang Z, Chong J, Zhou G, de Lima Morais DA, Chang L, Barrette M, et al. 
MetaboAnalyst 5.0: narrowing the gap between raw spectra and func‑
tional insights. Nucleic Acids Res. 2021;49(W1):W388–96.

 32. Clarke MA, Long BJ, Del Mar MA, Arbyn M, Bakkum‑Gamez JN, Wen‑
tzensen N. Association of Endometrial Cancer Risk with Postmenopausal 
Bleeding in women: a systematic review and Meta‑analysis. JAMA Intern 
Med. 2018;178(9):1210–22.

 33. Panici PB, Scambia G, Baiocchi G, Perrone L, Greggi S, Battaglia F, et al. 
Multiple serum markers in patients with endometrial cancer. Gynecol 
Obstet Investig. 1989;27(4):208–12.

 34. Stockley J, Akhand R, Kennedy A, Nyberg C, Crosbie EJ, Edmondson 
RJ. Detection of MCM5 as a novel non‑invasive aid for the diagnosis of 
endometrial and ovarian tumours. BMC Cancer. 2020;20(1):1000.

 35. Kacirova M, Bober P, Alexovic M, Tomkova Z, Tkacikova S, Talian I, et al. 
Differential urinary proteomic analysis of endometrial Cancer. Physiol Res. 
2019;68(4):S483–S90.

 36. Mu AK, Lim BK, Hashim OH, Shuib AS. Detection of differential levels of 
proteins in the urine of patients with endometrial cancer: analysis using 
two‑dimensional gel electrophoresis and o‑glycan binding lectin. Int J 
Mol Sci. 2012;13(8):9489–501.

 37. Wang Y, Li L, Douville C, Cohen JD, Yen TT, Kinde I, et al. Evaluation 
of liquid from the Papanicolaou test and other liquid biopsies for 
the detection of endometrial and ovarian cancers. Sci Transl Med. 
2018;10(433):eaap8793.

 38. Lorentzen GM, Łaniewski P, Cui H, Roe DJ, Mourad J, Mahnert 
ND, et al. Immunometabolic profiling of cervicovaginal lavages 
identifies key signatures associated with adenomyosis. iScience. 
2022;25(12):105508.

 39. Moore M, Ring KL, Mills AM. TIM‑3 in endometrial carcinomas: an immu‑
notherapeutic target expressed by mismatch repair‑deficient and intact 
cancers. Mod Pathol. 2019;32(8):1168–79.

 40. Pilard C, Ancion M, Delvenne P, Jerusalem G, Hubert P, Herfs M. Cancer 
immunotherapy: it’s time to better predict patients’ response. Br J Cancer. 
2021;125(7):927–38.

 41. Łaniewski P, Cui H, Roe DJ, Chase DM, Herbst‑Kralovetz MM. Vaginal 
microbiota, genital inflammation, and neoplasia impact immune check‑
point protein profiles in the cervicovaginal microenvironment. NPJ Precis 
Oncol. 2020;4:22.

 42. Hollebecque A, Chung HC, de Miguel MJ, Italiano A, Machiels JP, Lin 
CC, et al. Safety and antitumor activity of alpha‑PD‑L1 antibody as 
monotherapy or in combination with alpha‑TIM‑3 antibody in patients 
with microsatellite instability‑high/mismatch repair‑deficient tumors. Clin 
Cancer Res. 2021;27(23):6393–404.

 43. Cao Y, Zhou X, Huang X, Li Q, Gao L, Jiang L, et al. Tim‑3 expression in 
cervical cancer promotes tumor metastasis. PLoS One. 2013;8(1):e53834.

 44. Wu JL, Zhao J, Zhang HB, Zuo WW, Li Y, Kang S. Genetic variants and 
expression of the TIM‑3 gene are associated with clinical prognosis in 
patients with epithelial ovarian cancer. Gynecol Oncol. 2020;159(1):270–6.

 45. Cheng G, Li M, Wu J, Ji M, Fang C, Shi H, et al. Expression of Tim‑3 in gas‑
tric cancer tissue and its relationship with prognosis. Int J Clin Exp Pathol. 
2015;8(8):9452–7.

 46. Zhou E, Huang Q, Wang J, Fang C, Yang L, Zhu M, et al. Up‑regulation of 
Tim‑3 is associated with poor prognosis of patients with colon cancer. Int 
J Clin Exp Pathol. 2015;8(7):8018–27.

 47. Yuan J, Jiang B, Zhao H, Huang Q. Prognostic implication of TIM‑3 in clear 
cell renal cell carcinoma. Neoplasma. 2014;61(1):35–40.

 48. Li H, Wu K, Tao K, Chen L, Zheng Q, Lu X, et al. Tim‑3/galectin‑9 signaling 
pathway mediates T‑cell dysfunction and predicts poor prognosis in 
patients with hepatitis B virus‑associated hepatocellular carcinoma. 
Hepatology. 2012;56(4):1342–51.

 49. Berger AA, Dao F, Levine DA. Angiogenesis in endometrial carcinoma: 
therapies and biomarkers, current options, and future perspectives. 
Gynecol Oncol. 2021;160(3):844–50.

 50. Rubinstein MM, Dickinson S, Narayan P, Zhou Q, Iasonos A, Ma W, 
et al. Bevacizumab in advanced endometrial cancer. Gynecol Oncol. 
2021;161(3):720–6.

 51. Makker V, Colombo N, Casado Herraez A, Santin AD, Colomba E, Miller DS, 
et al. Lenvatinib plus Pembrolizumab for advanced endometrial Cancer. N 
Engl J Med. 2022;386(5):437–48.

 52. Ott PA, Bang YJ, Berton‑Rigaud D, Elez E, Pishvaian MJ, Rugo HS, et al. 
Safety and antitumor activity of Pembrolizumab in advanced pro‑
grammed death ligand 1‑positive endometrial Cancer: results from the 
KEYNOTE‑028 study. J Clin Oncol. 2017;35(22):2535–41.

 53. Ejskjaer K, Sorensen BS, Poulsen SS, Forman A, Nexo E, Mogensen O. 
Expression of the epidermal growth factor system in endometrioid endo‑
metrial cancer. Gynecol Oncol. 2007;104(1):158–67.

 54. Niikura H, Sasano H, Kaga K, Sato S, Yajima A. Expression of epidermal 
growth factor family proteins and epidermal growth factor receptor in 
human endometrium. Hum Pathol. 1996;27(3):282–9.

 55. Chopra V, Dinh TV, Hannigan EV. Serum levels of interleukins, growth 
factors and angiogenin in patients with endometrial cancer. J Cancer Res 
Clin Oncol. 1997;123(3):167–72.

 56. Dennis KL, Blatner NR, Gounari F, Khazaie K. Current status of 
interleukin‑10 and regulatory T‑cells in cancer. Curr Opin Oncol. 
2013;25(6):637–45.

 57. Sullivan KM, Jiang X, Guha P, Lausted C, Carter JA, Hsu C, et al. Blockade 
of interleukin 10 potentiates antitumour immune function in human 
colorectal cancer liver metastases. Gut. 2022. https:// doi. org/ 10. 1136/ 
gutjnl‑ 2021‑ 325808. Online ahead of print.

 58. Brink AA, Meijer CJ, Wiegerinck MA, Nieboer TE, Kruitwagen RF, van 
Kemenade F, et al. High concordance of results of testing for human 
papillomavirus in cervicovaginal samples collected by two methods, with 
comparison of a novel self‑sampling device to a conventional endocervi‑
cal brush. J Clin Microbiol. 2006;44(7):2518–23.

 59. Gok M, Heideman DA, van Kemenade FJ, Berkhof J, Rozendaal L, Spruyt 
JW, et al. HPV testing on self collected cervicovaginal lavage specimens 

https://doi.org/10.1136/gutjnl-2021-325808
https://doi.org/10.1136/gutjnl-2021-325808


Page 15 of 15Łaniewski et al. Biomarker Research           (2022) 10:88  

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

as screening method for women who do not attend cervical screening: 
cohort study. BMJ. 2010;340:c1040.

 60. Ndayisaba G, Verwijs MC, van Eeckhoudt S, Gasarabwe A, Hardy L, Borg‑
dorff H, et al. Feasibility and acceptability of a novel cervicovaginal lavage 
self‑sampling device among women in Kigali, Rwanda. Sex Transm Dis. 
2013;40(7):552–5.

 61. Kairu A, Masson L, Passmore JS, Cunnama L, Sinanovic E. Rapid point‑
of‑care testing for genital tract inflammatory cytokine biomarkers to 
diagnose asymptomatic sexually transmitted infections and bacterial 
vaginosis in women: cost estimation and budget impact analysis. Sex 
Transm Dis. 2022;49(3):237–43.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub‑
lished maps and institutional affiliations.


	Protein biomarkers in cervicovaginal lavages for detection of endometrial cancer
	Abstract 
	Background: 
	Methods: 
	Results: 
	Conclusions: 

	Background
	Methods
	Study participants
	Sample collection and processing
	Quantification of soluble proteins
	Unsupervised data reduction analyses
	Receiver operating characteristics (ROC) analysis
	Supervised machine-learning analyses
	Volcano plot and correlation analyses
	Other statistical analyses

	Results
	Study population
	Cervicovaginal protein profiles
	Cervicovaginal biomarkers for detection of EC
	Machine-learning modeling to predict EC
	Cervicovaginal proteins and the severity of EC

	Discussion
	Conclusions
	Acknowledgements
	References


